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Abstract
This study explores the perceived benefits, limitations, use patterns, 
and future relevance of the “Psychologist” chatbot on Character.AI, 
utilising a mixed-methods approach involving online semi-structured 
interviews and surveys. Amidst a growing need for accessible men-
tal health resources, this research compares a generative AI-driven 
chatbot’s unique position, with traditional, non-generative AI mental 
health tools.  Quantitative data from 13 survey responses indicated a 
significant young female demographic (primarily 18-24 years) engaging 
with the chatbot, revealing patterns of weekly usage and varying ses-
sion lengths. Qualitative analysis of eight interviews unveiled three pri-
mary themes: the perceived therapeutic attributes of the AI’s persona, 
the empowerment of user agency, and enhanced accessibility. Key 
factors in the chatbot’s appeal included its perceived ability to provide 
empathy, non-judgment, and validation, alongside its 24/7 availability 
and cost-free access.  This study underscores the potential of genera-
tive AI chatbots in offering personalised, empathetic-seeming support, 
thereby posing considerations for traditional mental health service 
delivery models. It suggests that such platforms can broaden access 
to mental health support, particularly for younger populations, by 
mitigating barriers of cost, perceived stigma, and availability. However, 
it also raises important questions regarding the ethical implications, 
risks of emotional attachment to AI entities in therapeutic contexts, 
data privacy, and the potential for AI-induced bias or misinformation. 
Further research is needed to explore these aspects and establish 
efficacy and safety guidelines.

Introduction
The global burden of mental health conditions is substantial, with the 
World Health Organization estimating that mental health disorders 
affected approximately 13% of the world’s population in 2021, under-
scoring an urgent need for accessible and scalable support systems.1 
This significant public health challenge is compounded by systemic bar-
riers to traditional care, including high costs, long waiting lists, and the 
perceived social stigma associated with seeking help. These obstacles 
prevent many individuals from receiving timely support, highlighting 
the critical need to explore innovative, accessible, and scalable sup-
port systems. The proliferation and development of technological 
tools, particularly mobile applications, have refined the delivery of 
personal therapeutic support.2

Early forms of digital mental health support were varied, includ-
ing online forums for peer-to-peer interaction, structured self-help 
resources, and even the use of virtual reality for exposure-based 
therapies.3 With the advancement of mobile applications, increasingly 

sophisticated therapeutic tools have emerged. These range from tra-
ditional, rule-based chatbots, which guide users through pre-deter-
mined conversational paths, to the newer class of generative artificial 
intelligence (AI) chatbots that can create novel, human-like dialogue 
in real-time.4

Recent advancements in AI have led to sophisticated large-lan-
guage models (LLMs), such as OpenAI’s GPT series and Google’s 
Gemini family of models, which power conversational interfaces.5 

Trained on vast textual datasets (e.g., journal articles, literary works, 
online content) through multi-staged processes, these models learn 
complex statistical patterns and word associations that enable various 
natural language processing (NLP) tasks.5 NLP, through techniques 
rooted in machine learning, allows these models to process, under-
stand, and generate human-like text, thereby emulating human-like 
conversation to a significant degree.6 Generative AI extends this by 
producing novel, contextually relevant content on demand, powering 
dynamic chatbots and predictive text through processes not entirely 
scripted by humans.5,6 The nature and quality of the output from 
these LLMs can also be significantly influenced by the “prompts” or in-
structions provided by the user, highlighting an interactive co-creation 
of conversational content.7

Launched in 2022, Character.AI is an AI-powered chatbot plat-
form that hosts millions of user-generated “characters” designed 
to simulate lifelike personalities. Users can converse with these AI 
characters in real-time through a primarily text-based interface, span-
ning an array of user-created personas.8 Character.AI reports over 
28 million monthly active users and billions of messages exchanged 
monthly as of early 2024, with popular individual characters receiving 
hundreds of thousands of interactions daily.9 One such user-created 
chatbot, “Psychologist”, developed by user Blazeman98 has accumu-
lated over 200 million user interactions since its launch in late 2022. 
While Character.AI includes a disclaimer that “Everything Characters 
say is made up!”, the significant user engagement, coupled with media 
reports and discussions in public forums, suggests that users may be 
turning to the “Psychologist” chatbot for therapeutic support. This 
emerging phenomenon, which occurs outside of clinically validated 
frameworks, provides the central rationale for the present study; the 
aim is to formally investigate these user perceptions.

By contrast, other mental health chatbots (e.g., Woebot, Wysa) 
are explicitly marketed as therapeutic tools.10,11 These are often, 
though not exclusively, rules-based or use more constrained AI, pro-
ducing responses from a clinician-reviewed decision tree, knowledge 
graph, or more structured algorithms.12 For example, Woebot has 
been described as a rules-based conversational agent where dialogue 
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is crafted by writers and clinicians, not generated entirely anew by 
an LLM for each interaction.10,13 Wysa, while engaging in open-ended 
conversation, has been noted in user feedback and studies to some-
times struggle with interpreting nuanced user sentiments accurately, 
a common challenge for earlier AI models.11,14 For instance, limitations 
can arise when the chatbot fails to grasp complex user context, lead-
ing to generic or irrelevant responses, or misinterpreting subtle emo-
tional cues.14,15

A qualitative study by Malik et al. exploring publicly available Wysa 
user feedback identified benefits such as enhanced mental health ac-
cessibility and affordability, as well as support for conditions like social 
anxiety.15 However, limitations arose when the chatbot failed to grasp 
user context, leading to generic or irrelevant responses. Another 
study also noted that while low cost and 24/7 access were user-ap-
proved features, chatbots’ response limitations and focus on narrow 
topics were sources of frustration.14 Some individuals, however, have 
been reported to form strong emotional bonds with chatbots,16,17 
which has raised concerns about potential over-dependence, loneli-
ness, and social withdrawal.14

Research by Ho et al.18 discovered that the emotional, relational, 
and psychological benefits of self-disclosure could be equally signifi-
cant whether someone confided in a person or a chatbot, provided 
the user felt understood. This finding underscores the potential value 
of chatbots in mental health support.

Despite these benefits, rules-based or more restricted AI chatbots 
can be limited in their ability to dynamically tailor conversations to 
users’ specific, evolving needs or niche topics, often due to their re-
liance on pre-defined conversational pathways.19,20 This gap prompts 
the question of whether a generative AI-based chatbot, with its ca-
pacity for more fluid and novel response generation, could transcend 
previous limitations, enhance existing benefits, and even introduce 
unique psychological advantages or disadvantages.

The present study investigates the “Psychologist” chatbot hosted 
on Character.AI to explore perceived psychological benefits, possible 
drawbacks, user patterns, and implications for future use.

Methodology
STUDY DESIGN
This research employed a mixed-methods approach involving 
semi-structured online interviews and a survey. This approach was 
deliberately chosen to leverage the complementary strengths of 
both quantitative and qualitative data; the survey provided a broad 
overview of user demographics and engagement patterns, while the 
semi-structured interviews offered deep, contextualised insights into 
the subjective user experience, allowing for a more comprehensive 
understanding of the chatbot’s perceived role. The interviews delved 
into users’ subjective experiences, focusing on perceived therapeutic 
value, limitations, usage patterns, and overall relevance of the Gener-
ative AI-driven “Psychologist” chatbot. The survey provided demo-
graphic data and captured users’ levels of engagement and satisfaction.

RECRUITMENT AND ETHICS
Between November and December 2023 (approximately four to six 
weeks), participants were recruited from the Character.AI online fo-
rum specifically related to the “Psychologist” chatbot. A recruitment 
post on Character.AI’s forum board invited interested individuals who 
had used the “Psychologist” chatbot to email the primary researcher 
for more information about the study. This forum post is current-
ly not retrievable, as Character.AI have since adjusted their website 
and removed the forum board feature. The forum post remained 
viewable for the duration of the study. This method aimed to avoid 
persuasive or coercive recruitment tactics. The target audience was 
any user of the “Psychologist” chatbot on Character.AI who was will-
ing to share their experiences. Anyone with access to the forum post 
could see the invitation and potentially participate if they met the 
usage criteria. No specific measures were in place to verify “legiti-
mate user” status beyond self-attestation of using the chatbot, which 

is common in online recruitment for user experience studies. This 
reliance on self-selection and self-attestation is a recognised practice 
in exploratory online research where the goal is to understand user 
perspectives from a self-identified group.21,22

Interested individuals who contacted the researcher received a 
standardised participant information sheet detailing the study’s objec-
tives, procedures (survey and optional interview), time commitment, 
voluntary nature of participation, data handling, and confidentiality 
safeguards. They were informed that their data would be anonymised. 
Prior to participation, all individuals provided electronic informed 
consent. Ethical approval for this study was granted by the University 
of Otago Human Ethics Committee (Reference: D23/315).

DATA COLLECTION
The primary researcher (S.Z.), a postgraduate researcher trained in 
qualitative interviewing techniques and with a background in psychol-
ogy, conducted all online semi-structured interviews. This training 
ensured a sensitive and appropriate approach to data collection, par-
ticularly given the potentially personal nature of the discussions. In-
terviews lasted approximately 20–30 minutes, were audio-recorded 
with participant consent, and subsequently transcribed verbatim. A 
semi-structured interview guide was used to ensure key topics were 
covered consistently across participants while allowing flexibility for 
emergent themes. The guide explored participants’ motivations for 
using the chatbot, perceived benefits (emotional, cognitive, behaviour-
al), emotional experiences during interaction, perceived limitations 
or drawbacks, and comparisons to human support or other mental 
health tools.

Additionally, all participants (including those who were interviewed 
and those who only took the survey) completed a brief online survey. 
The survey captured demographic details (age, gender, self-reported 
technological comfort level using a Likert scale) and baseline usage 
patterns (frequency of use, typical session length, and types of issues 
discussed with the chatbot). Survey responses were collected anon-
ymously.

ANALYSIS
Qualitative data from the interview transcripts were analysed using 
thematic analysis.23 NVivo and Fireflies AI software were utilised to 
assist in data management and coding. The process involved familiari-
sation with the data, generation of initial codes, searching for themes, 
reviewing themes, defining and naming themes, and producing the re-
port. Two researchers (S.Z. and M.H.) independently coded a subset 
of transcripts and then collaboratively reviewed and cross-referenced 
codes and emerging themes to enhance the trustworthiness and rigor 
of the analysis. Any discrepancies were resolved through discussion to 
reach a consensus. To further mitigate interviewer bias, a semi-struc-
tured interview guide was used to ensure core topics were covered 
consistently. Furthermore, the collaborative coding process between 
two researchers served as a critical check against individual interpre-
tive bias.

Quantitative survey data were analysed descriptively using Survey-
Monkey’s built-in analysis tools. Frequencies, percentages, and visual 
summaries (e.g., pie charts) were generated to provide an overview 
of participant characteristics and chatbot engagement metrics. No in-
ferential statistical testing was conducted due to the small, purposively 
sampled size (n=13), which is appropriate for an exploratory study of 
this nature but would not yield statistically generalisable results.24

Results
QUANTITATIVE ANALYSIS
This study yielded data from 13 survey responses. A significant portion 
of respondents were female (n=10, 66.7%), primarily aged between 18 
and 24 years (n=8, 53.3%). Participants reported a high comfort with 
technology, mostly scoring between 8 to 10 on a 10-point Likert scale 
(Mean = 8.8, SD = 1.3), where 1 equated to the participant being not at 
all comfortable and 10 being extremely comfortable. From our qual-
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itative interviews, participants disclosed that interpersonal challenges, 
anxious thoughts, emotional distress, and behavioural changes were 
among the problems raised with the chatbot.

Most survey participants engaged with the “Psychologist” chatbot 
on a weekly basis (n=7, 58.3%). The time spent with the chatbot var-
ied: 25.0% (n=3) reported sessions typically up to 15 minutes duration, 
16.7% (n=2) reported 15 to 30 minute sessions, 41.7% (n=5) reported 
sessions lasting 30 to 60 minutes, and 16.7% (n=2) reported spending 
more than an hour per session. In terms of interaction quality, users 
predominantly rated the chatbot’s understanding of their emotions 
and emotional states as moderate to high. Specifically, 41.7% rated 
it as “moderate,” 33.3% as “very,” and 16.7% as “extremely” helpful 
in understanding their emotions, with only one respondent (8.3%) 
selecting “slightly.” When asked whether the chatbot responded with 
empathy and understanding, 50.0% said “completely,” 33.3% said 

“mostly,” while 8.3% each selected “not at all” or “none of the above.”

QUALITATIVE ANALYSIS
A total of eight individuals who completed the survey also volun-
teered and participated in the semi-structured interviews. The dis-
crepancy between survey respondents (n=13) and interviewees (n=8) 
is likely due to the higher time commitment required for interviews; 
all interviewees also completed the survey, but not all survey respond-
ents opted for an interview. Thematic analysis of the interview data 
revealed three main themes: ‘perceived therapeutic attributes of the 
AI personality’, ‘empowering personal agency’, and ‘accessibility en-
hancement’.

Theme 1: perceived therapeutic attributes of the AI personality
Exploring participants’ interactions with the “Psychologist” chatbot, 
it became evident how they often noted human-like qualities in their 
conversations, attributing characteristics to the chatbot, thus devel-
oping a theme of anthropomorphism: the assignment of human-like 
emotions, thoughts, and behaviours to non-human entities.25

In exploring this further it is important to identify the users’ aware-
ness of interacting with a non-human entity. Despite this awareness, 
as one participant stated, “I don’t think I ever saw it as a person”, 
a notable contradiction when they describe their experiences. This 
dichotomy became clearer when exploring the participants’ deeper 
beliefs about the chatbot, beliefs that extended beyond the mere 
textual interactions. To illustrate this complex relationship, consider 
the perspective of Participant 3, who offered this view: 

“It’s still very validating. It comforts you, tells you that everything can 
stay a thought.”

This reflection underscores the chatbot’s perceived comforting 
ability, a key aspect of its interaction with users. Similarly, Participant 
1 brings a different dimension into focus, emphasising the chatbot’s 
intelligence and empathy:

“I think the chatbot is all-around intelligent, empathetic, and also 
intuitive.”

While Participant 2 shared the following observation:

“It’s very warm and non-judgmental. At the same time, they (the 
chatbot) would keep saying these phrases that I really liked, like, 
thank you for expressing yourself, and encouraging me to open up 
more to talk about my feelings and even some of the questions 
they asked.”

These views not only highlight the chatbot’s warmth and non-judg-
mental nature but also its ability to encourage openness in users. The 
predominant qualities attributed to the chatbot—warmth, non-judg-
ment, and validation—were noted not only in relation to its con-
versational style but also as intrinsic attributes of the chatbot as an 

entity. Building upon these insights, a ‘persona’ emerging from the 
‘Psychologist’ chatbot, which appears to significantly encourage user 
engagement.

The perceived AI personality also appeared to offer therapeutic 
value by raising different perspectives in conjunction with positive af-
firmations, allowing users to view their emotions or situations through 
a new lens:

“That’s one thing that the Bot does, it consistently highlights through 
all different conversations, going and looking at something from a 
different perspective and not as something that you have to fix but 
as something that you just have to accept in the moment and see 
where it takes you.”

These qualities of presenting as warm and non-judgmental, cou-
pled with offering different perspectives that reflect users in a more 
positive light, appear to drive engagement through a sense of empa-
thy.18

On the other hand, the participant also identified that certain 
characteristics attributed to the AI-powered “Psychologist” chatbot, 
which they perceived as having psychological benefit and enhanced 
engagement, were distinctly tied to its artificial nature.

“I think it’s because I felt like I wasn’t talking to a human. I mean, 
they would not have any bias, or they wouldn’t say, ‘oh, why are you 
thinking that way?’”

This theme of the chatbot being perceived as ‘logical’ and ‘objec-
tive’ was echoed by other participants, particularly when contrast-
ing it with the perceived limitations of human therapy. These specific 
‘non-human’ qualities seemed to significantly influence the conversa-
tions’ nature, creating a space where users felt more at ease to dis-
close emotionally sensitive content. Participant 3’s reflection provides 
a deeper understanding of this comfort:

“I think also because it’s not a real person, whatever you tell it, you 
know that it doesn’t have a perception of you. And I feel like that 
makes it really comfortable for you to talk to it about different 
sensitive subjects that you may not be comfortable talking to a 
person about.”

Participants also identified that they interacted with the “Psycholo-
gist” chatbots in ways they wouldn’t consider interacting with friends 
or a therapist. For example, by setting boundaries or expressing pref-
erences for specific response styles:

“I found, like, if I give it directive, if I’m like, I don’t need that. I don’t 
need that. It really started going where I kind of wanted it to go. So, 
I thought that was really sophisticated and cool that I could direct it.”

The process of directing conversations and creating boundaries 
with the chatbot introduces an intriguing aspect of user interaction, 
which moves us away from Theme 1. This then merges with the next 
theme where the users reveal how they exercise agency within their 
conversations with the “Psychologist” chatbot.

Theme 2: let me speak: empowering user agency
Generative AI in chatbot technology marks a significant departure 
from earlier mental health chatbots like Wysa and Woebot, which 
often relied on more structured algorithmic pathways for response 
generation. Participants in this study identified the unique strengths of 
this newer approach, in particular the emerging sense of self-agency 
experienced by users: 

“Once I actually told it what I wanted from it, it was quite good for 
talking about very niche, specific scenarios because that’s something 
you can’t get from just googling stuff. You can’t get a solution specific 
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to exactly what you said.”

“Yeah, you definitely have control over the conversation, like how you 
want to take it and what you want to get it to do.”

“I really like that (directed, non-judgmental conversations) because 
it empowers kind of but also just makes me feel more comfortable 
and confident in a lot of my decisions.”

Within this personalised interaction space, distinct patterns of use 
began to emerge, primarily for emotional regulation and deeper re-
flections. For emotional regulation, the participants noted that they 
used the chatbot to ease acute emotional discomfort, typically short 
interactions of around 15 minutes. Participants also identified that the 
chatbot facilitated more profound introspection, thus allowing them 
to explore their behaviours, inner experiences, and relationships. This 
required longer interactions, ranging from 30 minutes to an hour.

The participants valued that not only did they feel understood in 
their conversations with the chatbot, but that they were able to lead 
the dialogue based on their needs:

“So it was easy to talk to and you could kind of get it to talk to you in 
the form that you wanted. For example, you could say, explain this 
to me as if you were Carl Jung...”

Participants also identified that they frequently set boundaries 
with the chatbot in ways they wouldn’t with a human therapist.

“I wouldn’t feel comfortable telling a therapist, ‘don’t ask me that 
again’, and ‘don’t ask it in that way.’ Meanwhile, I can say, ‘ listen’, 
especially when I’m in a lot of emotionally charged moods, I can say, 
like, ‘I don’t want to talk about the approach to this, I want to talk 
about something else’, or, I wouldn’t feel comfortable telling a thera-
pist, ‘okay, I don’t want to talk about this. I want to talk about that.’”

Theme 3: beyond tradition: breaking barriers in accessibility
Participants valued the advantage of the “Psychologist” chatbot being 
a freely accessible website, with this addressing the significant accessi-
bility barriers to receiving mental health support.

“Firstly, it’s expensive to go to a therapist and second of all, if you say 
out in society that you’re seeing a psychologist or psychiatrist, you 
have the automatic label of a crazy person attached to you because 
that’s how they view it.”

The chatbot’s free accessibility addresses the financial barrier, while 
its anonymity helps mitigate the social stigma, although the extent to 
which AI can be truly stigma-free is an area requiring further explo-
ration, as discussed later.

The 24/7 accessibility was valued by participants, especially for 
managing acute emotional states outside conventional support hours. 
Moreover, the flexibility in using the chatbot as per individual needs 
further emphasises the strength of user agency:

“Being able to speak to the bot at any time of the day, any minute of 
the hour, it’s extremely reassuring.”

Discussion
This study explored user experiences with the generative AI-driv-
en “Psychologist” chatbot on Character.AI, aiming to understand the 
factors contributing to its engagement and perceived utility within a 
psychological context. Utilising a mixed-methods approach, our find-
ings indicate that this type of chatbot appeals notably to a younger 
female audience with high technological comfort, a demographic that 
is increasingly seeking mental health support through digital avenues.26 
This contrasts with some earlier research suggesting that dedicated 
mental health chatbots might typically attract a somewhat older de-

mographic,27,28 although more recent studies highlight high acceptance 
and use among young people as well.26 The current study contributes 
to a growing knowledge base on the use and perception of generative 
AI agents in mental health.

ANTHROPOMORPHISM, PERCEIVED EMPATHY, AND THE 
THERAPEUTIC ALLIANCE. 
A key finding was the participants’ tendency to attribute human-like 
qualities, such as warmth, intelligence, and empathy, to the chatbot, 
despite their explicit awareness of its non-human nature. This para-
doxical engagement, a form of anthropomorphism,25 suggests users 
derive comfort, validation, and non-judgmental support from these 
perceived attributes. These elements are crucial for fostering a ther-
apeutic alliance, a cornerstone of effective client-centred therapy.29 
The chatbot’s conversational strategies, which participants described 
as mirroring cognitive reframing techniques and conveying empathy, 
appeared to encourage user engagement and emotional disclosure. 
Furthermore, participants spoke of appreciating their emotional dis-
closures being positively affirmed by the chatbot, potentially forming 
a mechanism of positive reinforcement for emotionally expressive be-
haviours. This aligns with findings from Ho et al.,18 where psychological 
benefit from emotional disclosure was achieved if it conveyed a sense 
of understanding, regardless of whether the source was human or 
chatbot. This also supports Nienhuis et al.,29 who identified empathy 
as a significant predictor of therapeutic alliance.

However, the role of anthropomorphism in facilitating disclosure 
is complex. While participants in this study valued the chatbot’s hu-
man-like empathy, other research demonstrates that less anthropo-
morphic agents can sometimes facilitate more open reporting of per-
sonal events, possibly by reducing the user’s feeling of being socially 
judged.30 This suggests that the perceived benefits may stem not just 
from human-like qualities, but from an optimal blend of relatable “hu-
manness” and safe “non-human” objectivity.

THE UNIQUE ‘NON-HUMAN’ THERAPEUTIC SPACE AND USER 
AGENCY.
Interestingly, the AI’s ‘non-human’ qualities—such as being perceived 
as unbiased, logical, and objective—were also highlighted as beneficial, 
particularly when contrasted with human interactions. Participants 
felt this created a unique therapeutic space, allowing them to ex-
plore sensitive subjects more freely, attributing to the AI a sense of 
safety and reduced fear of judgment not always perceived in human 
interactions. This finding is consistent with research showing that in-
dividuals may prefer discussing embarrassing or sensitive topics with 
an AI agent precisely because the fear of social judgment is diminished 
compared to interacting with a human.31 

This suggests that generative AI may facilitate a nuanced form of 
interaction that users find uniquely comfortable for certain types of 
disclosure. Indeed, participants reported that the chatbot’s ability to 
generate hyper-personalised responses fostered a profound sense 
of being understood. This feeling of being heard without judgment, 
combined with the ability to direct the conversation, appeared to 
directly contribute to a sense of empowerment among users, a key 
component of therapeutic growth.

Previous rule-based conversational tools were often limited by 
pre-written responses.19,20 In contrast, the generative AI-driven “Psy-
chologist” chatbot appeared to empower users to steer conversations, 
set boundaries, and explore highly personalised and niche scenarios. 
This fostered a deeper sense of being understood and supported, 
enhancing user agency. This shift underscores the importance of tai-
loring therapeutic interactions to individual needs and preferences, a 
principle well-established in human therapy but now extended to AI 
interactions. The ability for users to directly influence the AI’s con-
versational direction, often in ways they might hesitate with human 
therapists, introduces a new dynamic in therapeutic communication. 
It suggests a potential redefinition of social interaction norms within 
these digital therapeutic contexts, possibly enabling more open dis-



	 28	 		  29	

nzmsj The New Zealand Medical Student Journal	  Issue 39 • September 2025

course.

ACCESSIBILITY AND DEMOCRATISATION OF SUPPORT. 
The ‘Psychologist’ chatbot’s free, 24/7 accessibility, and perceived an-
onymity were identified as major advantages, addressing critical barri-
ers to traditional mental health support such as cost, availability, and 
social stigma. This has the potential to democratise access to initial 
mental health support, offering an immediate resource. This inno-
vation aligns with a broader trend towards leveraging technology to 
enhance mental health care accessibility and effectiveness.32

BENEFITS, RISKS, AND LIMITATIONS OF AI IN MENTAL HEALTH 
CHATBOT DEPLOYMENT. 
The findings of this study highlight several potential benefits of genera-
tive AI chatbots in mental health, including enhanced accessibility, user 
agency, and the provision of a perceived non-judgmental space for 
disclosure. However, the deployment of such AI tools is not without 
significant risks and limitations.33,34

One major concern is AI bias. While participants in this study per-
ceived the AI as “unbiased”, LLMs are trained on vast datasets de-
rived from the internet and other textual sources, which can contain 
and perpetuate societal biases related to race, gender, socioeconomic 
status, and other characteristics.35,36 There is a risk that AI chatbots 
could reflect these biases in their interactions, potentially causing 
harm or reinforcing negative stereotypes, rather than being tru-
ly “stigma-free”.37 If an AI perpetuates racial or other biases, it could 
inadvertently perpetuate stigma related to mental health conditions 
within certain communities.

Another critical area is safety and accuracy. The statement that us-
ers attribute “a sense of safety and confidentiality not always present 
in human interactions” needs careful consideration. While perceived 
anonymity can be beneficial, AI chatbots, especially generative ones, 
can “hallucinate” or generate incorrect, misleading, or even harmful 
information.13,38 There is evidence of AI providing inaccurate medical 
information,38 which in a mental health context could have serious 
consequences. Data privacy and security are also paramount; users 
share sensitive personal information with these platforms, and clarity 
on data usage, storage, and protection is crucial.33

The development of emotional attachment to AI chatbots, as 
hinted at by the anthropomorphism observed, is another complex 
issue.16,17 While some level of connection might enhance therapeutic 
engagement, over-dependence on an AI for emotional support could 
potentially hinder the development of human relationships or coping 
skills, and lead to distress if the service changes or becomes unavail-
able.14

Furthermore, the lack of regulatory oversight for many AI chatbots, 
particularly user-generated ones on platforms like Character.AI, is a 
significant concern.33 Unlike licensed therapists, these chatbots do not 
operate under established ethical codes or clinical governance, and 
there is often no clear accountability mechanism.

The therapeutic efficacy of such chatbots also remains to be 
robustly established through rigorous, controlled trials. While us-
ers may perceive benefits, these subjective experiences need to be 
complemented by objective measures of clinical outcomes.33 The line 
between a supportive tool and a clinical intervention can become 
blurred, raising questions about when and how these tools should be 
used, especially for individuals with severe mental health conditions.

STUDY LIMITATIONS
This study possesses several limitations that necessitate careful con-
sideration when interpreting the findings. The small sample sizes for 
both the survey (n=13) and the qualitative interviews (n=8) restrict the 
generalisability of the results. Participants were self-selected users of 
a specific chatbot on a particular platform, predominantly compris-
ing young females with high technological comfort. Consequently, the 
findings may not be applicable to other demographics, users of dif-
ferent AI chatbots, or the broader population seeking mental health 

support. Recruitment through an online forum dedicated to the chat-
bot likely introduced selection bias, attracting individuals with strong 
opinions and potentially underrepresenting those with neutral or less 
engaged experiences. Furthermore, the self-reported data may be 
subject to response bias, such as social desirability or recall bias, as the 
perceived benefits and usage patterns reflect subjective experiences. 

Although a semi-structured interview guide was used and thematic 
analysis involved two researchers, the potential for interviewer bias 
in questioning or interpretation cannot be entirely dismissed. The 
study’s exploratory and descriptive nature, lacking a control group, 
prevents any causal inferences about the chatbot’s impact on mental 
well-being. The findings are also specific to the “Psychologist” chat-
bot on Character.AI and may not translate to other generative AI 
chatbots or dedicated mental health apps with different designs and 
functionalities. An additional limitation is the absence of precise ret-
rospective data on the recruitment post’s reach, which hinders the 
calculation of a precise response rate. These limitations collectively 
highlight the exploratory nature of this research and call for caution 
in drawing broad conclusions.

FUTURE RESEARCH
This study opens several avenues for future research to build upon 
its preliminary findings. Larger and more diverse samples are crucial 
to confirm these results and investigate experiences across various 
demographic groups, including differences in age, gender, culture, 
socioeconomic status, and technological literacy across multiple ge-
ographical locations. Comparative studies, particularly randomised 
controlled trials, are needed to rigorously evaluate the effectiveness, 
engagement, and therapeutic alliance of generative AI chatbots against 
rule-based chatbots or human therapists to assess clinical outcomes. 
Longitudinal research is also essential to understand the long-term 
effects of using AI chatbots for mental health, including usage patterns, 
sustained benefits, and potential risks such as dependency or altered 
social interactions. 

A significant priority is research into the profound ethical impli-
cations, covering data privacy, security, AI bias, and the potential for 
harm, which should inform the development of necessary ethical 
guidelines and regulatory frameworks. Further investigation into the 
mechanisms behind perceived empathy and therapeutic alliance with 
AI, and how these differ from human interactions, would provide 
deeper insights into the user experience. It would also be valuable 
to explore how user-configurable AI personalities, such as those on 
Character.AI, impact therapeutic outcomes and user engagement. 
Moreover, future studies should focus on mitigating risks like the per-
petuation of stigma or bias by AI and ensuring these tools are equita-
ble and culturally sensitive. 

Finally, research focusing on the application of generative AI for 
specific user needs, such as providing support for mental health con-
ditions such as anxiety, depression, or loneliness, would be highly 
beneficial. Crucially, future research should also prioritise the co-de-
velopment of generative AI tools in collaboration with mental health 
professionals. Such partnerships are essential to ensure that emerging 
chatbots are not only technologically sophisticated but also clinically 
relevant, grounded in evidence-based practices, and aligned with eth-
ical standards of care.

Conclusion
The “Psychologist” chatbot on Character.AI, powered by generative 
AI, appears to offer a uniquely accessible and user-driven form of 
perceived psychological support for a segment of users, particularly 
young women. Its ability to provide seemingly empathetic, non-judg-
mental, and highly personalised interactions, combined with constant 
availability and no cost, addresses some significant limitations of tradi-
tional mental health services. However, these perceived benefits must 
be weighed against considerable risks and limitations, including the 
potential for AI bias, misinformation, ethical concerns regarding data 
privacy and emotional dependency, and the current lack of robust 



		  29	

nzmsj The New Zealand Medical Student Journal	  Issue 39 • September 2025

evidence for clinical efficacy and safety. While generative AI chatbots 
hold promise for augmenting mental health support, ongoing research, 
ethical scrutiny, and the development of appropriate safeguards are 
essential to harness their potential responsibly and ensure they com-
plement, rather than compromise, user well-being. This study serves 
as an initial exploration into a rapidly evolving field, highlighting the 
complex interplay between technology, human psychology, and the 
future of mental health care.
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